. From three Bank of Italy surveys (1993, 1995, 1998) 
INTRODUCTION
When discussing mobility issues, a basic distinction is usually made between intergenerational and intragenerational mobility. The first concept concerns the study of how the distribution of some relevant measure of individual status changes between different generations in a given society. Alternatively, intragenerational mobility studies how the distribution of individual status changes among a group of individuals over a given period of their lifetime.
In general, the simplest framework to capture either of these aspects is to consider how, in a society of n individuals, a vector x = (x 1 , . . . , x n ) is transformed into another vector y = (y 1 , . . . , y n ), where x i denotes the value of a relevant observable indicator of the social and economic status of individual i, and y i denotes its value in the next generation (intergenerational case) or in the next time period (intragenerational case). Typical variables employed in most mobility studies for measuring socio-economic status are income, consumption, education, and occupational prestige. Henceforth, we will focus on intergenerational mobility and follow the usual convention of analyzing father to son movements in status as unit of analysis. Thus, the vector x will describe the marginal distribution of status amongst the fathers and y the marginal distribution of status amongst the sons in the society.
It is widely believed that socioeconomic mobility is somewhat an elusive concept, difficult to define, let alone to measure. This is in stark contrast with the literature on income inequality, where a consensus has emerged on what concepts of inequality mean, the correct theoretical procedures to measure them, and how to go from theory to empirical application. Mobility data (x, y) describe the joint distribution of fathers' and sons' statuses in a population, while the vectors x and y describe their marginal distributions. In general, mobility data contain information about many different aspects of the mobility in a society. For instance, x and y each describe both the average level of status and its dispersion respectively within fathers and sons. Thus, one could say that that the marginal distributions contain information of a static nature. Mobility, on the other hand, concerns how the distribution of fathers' statuses x is transformed into that of the sons y. Sociologists have suggested that, when analyzing mobility data, the interplay between the distributions of x and y can be described by two quite different concepts.
Structural mobility refers to how far apart x is from y. For example, if a country is experimenting a substantial economic growth, there will be a greater number of high status positions available to the sons than there were for the fathers, and thus it determines some kind of social change. However, it is important to notice that there are many ways in which a given vector y can be obtained from another vector x. In particular, two hypothetical societies could display the same amount of structural mobility because they have the same marginal distributions, but they could differ in how families interchange their relative positions. This second aspect is called exchange mobility by sociologists and refers to the positive association between fathers and sons statutes in the society.
Given the multifaceted nature of mobility data, we expect that mobility comparisons are intrinsically much more problematic than inequality comparisons. In particular, when analyzing the distribution of a single relevant variable in a population, as described by a real valued vector, we can typically summarize much of the information by two summary statistics on location ("the size of the pie") and dispersion ("the equality of its distribution"). On the other hand, when analyzing mobility data we need not only measures of location and dispersion both for the x and the y variables, but also summary statistics on the distance between the marginal distributions x and y (structural mobility) and their positive association (exchange mobility). Thus, we expect that comparing mobility data by a single summary mobility index may give results, which are very dependent on the characteristics of the chosen index, and we expect that the conclusions reached by the mobility analysis are more dependent on the choice of the mobility index when comparing societies with very different marginal distributions.
MOBILITY INDICES
To make our study manageable and the interpretation of the results consistent, in this paper we compare the performance of various mobility indices that are built up by aggregating the change in status occurring in each family in the society. Let us assume that family ith has observed status indicators (x i , y i ). As a first methodological issue, we should consider whether (x i , y i ) describe accurately the concept of mobility that we want to capture. Let h(x i ; x) and k(y i ; y) denote real valued functions of observed status, monotonically increasing in x i and y i respectively, such that h(x i ; x) and k(y i ; y) capture what the researcher feels is "true" status of family i. For example, if x and y are the vectors of incomes in the population, the researcher may feel that income shares
x ī x and y ī y (where x and ȳ denote the means of x and y) rather than incomes x i and y i are better indicators of family ith status. If we feel that income shares capture the concept of mobility that we want to compare, then in the transition from x to y, family i has experienced a degree of mobility which is a function of the distance between x ī x and y ī y . In general, let d(h(x i ; x), k(y i ; y)) denote the numerical value taken by an appropriate distance function between true status h(x i ; x) and k(y i ; y) for family i. The function d: ᑬ 2 ⇒ ᑬ thus measures the degree of mobility at the family level. The class of mobility indices M(x, y) that we will consider in this paper then simply aggregates all family distances d(h(x i ; x), k(y 1 ; y), . . . , d(h(x n ; x), k(y n ; y)) by taking the average value:
The class of mobility indices M (x, y) is sufficiently rich to capture many widely employed indices. It is conceptually very simple, because it makes explicit that social mobility is simply an aggregation of family mobility, and depends on the explicit choice of the "transformation functions" h and k and the distance function d. Thus, M (x, y) is sufficiently rich to capture many different views about the appropriate way of measuring mobility, since the researcher has simply to specify the functional form of d, h and k to derive a suitable index of mobility. In particular, depending on the choice of h and k, M (x, y) contains three subclasses of mobility indices: Two mobility indices that belong to M (x, y) have been proposed in two important papers by Fields and Ok (1996, 1999) . In the first of these papers Fields and Ok axiomatize a mobility index that takes h and k to be the identity function (thus observed status equal true status), and uses Euclidean distance for d:
In a recent paper, D'Agostino and Dardanoni (2002) axiomatize a class of mobility indices which lets d(h(x i ; x), k(y i ; y)) = (h(x i ; x) Ϫ k(y i ; y)) 2 and discuss 116 DANIELE CHECCHI AND VALENTINO DARDANONI various choices of the transformation functions h and k. By letting h and k be again the identity function we have the index
2 M 1 and M 2 are the absolute mobility indices considered in this paper. Moving on to relative indices, Fields and Ok (1999) axiomatize an index that takes h and k to be the natural logarithm function, while still using Euclidean distance:
On the other hand, taking income shares in D'Agostino and Dardanoni's class we get the index:
We notice now that by appropriate choice of the functional form of d, h and k, Pearson's correlation coefficient xy is ordinally equivalent to an index in the class M (x, y). In particular, letting d(h(x i ; x), k(y i ; y)) = (h(x i ; x) Ϫ k(y i ; y)) 2 , we have that if h(x i ; x) = x i Ϫx x and k(y i ; y) = y i Ϫȳ y (the standardized values of x i and y i )
and it can be shown that M 5 (x, y) = (1 Ϫ xy ). Clearly M 3 is weakly relative, M 4 is strongly relative and M 5 is affine. Finally, ordinal indices are typically obtained by using ranks for defining true social status h and k. Our next mobility index is thus
where r(x i , x) indicates the rank of x i , r(y i ; y) indicates the rank of y i and (x, y) denotes the well-known non-parametric index of association of Spearman (Kendall & Gibbons, 1990) . However, while ranks are uniquely determined in the case where there are no ties in the marginal distributions, there is no single accepted way of defining ranks in the presence of ties. Spearman's utilizes midranks for ranking tied values. On the other hand, if we use the cumulative distribution functions F and G to define family ranks for x and y respectively, we get an alternative ordinal index:
while if we use Euclidean distance we get the index:
Notice that M 6 is ordinally equivalent to M 7 whenever there are no ties in the marginal distributions and the populations we are comparing have equal size.
2
In the following sections we will study how the eight indices considered above behave when used with some real datasets. As reference, we will also calculate two widely used indices of mobility, namely functions of the ordinary least square (OLS) regression coefficient when regressing y on ␣ + ␤x or log(y) on ␣ + ␤ log(x):
It can be easily verified that M 9 is weakly relative while M 10 is strongly relative.
In Sections 3 and 4 we will apply the ten mobility indices above to two real datasets. We expect that absolute indices will be the most sensitive to differences in marginal distributions, while ordinal indices will be the less sensitive. In fact, if we are comparing two mobility data without ties in the marginal distributions, ordinal indices, by taking ranks, are calculated on transformed variables with identical marginal distributions regardless of the shape of the original distributions. On the other hand, if we are comparing two mobility data which differ for the extent of socioeconomic growth between the fathers and sons generation, absolute indices will always display a greater level of mobility in presence of greater growth even if in both societies there is a perfect positive association between fathers' and sons' statuses (that is, there is no exchange mobility). Thus, we expect that ordinal indices will give greater weight to the exchange component of mobility, while absolute indices will give greater weight to the structural component. Notice however that ordinal indices will be the more sensitive to differences in marginal distributions the greater the extent of tied values, depending on the choice of the status transformations h and k.
Finally, notice that relative indices fall somewhat in between absolute and ordinal ones; depending on the choice of the transformations h and k performed to raw data, relative indices may reduce the influence of differences in the marginal distributions in differing fashions. In general, structural mobility may have resulted from many different sources (generalized proportional growth; alternatively status changes might have been concentrated only in higher or lower levels classes; or there could have been substantial changes in inequality, etc.). Thus, taking shares, logs, differences from average values, standardized differences, etc. will reduce the effect of differences in marginal distributions thus giving less weight to structural mobility, for a given level of exchange mobility. The extent of this reduction will be dependent on the chosen transformations h and k.
A FIRST EMPIRICAL APPLICATION
The first empirical exercise applies to the 10 measures of mobility considered above to an international comparison. Treiman and Ganzeboom (1990) have collected data on occupational mobility from 31 different surveys conducted in 16 countries 3 over a period of 14 years (from 1968 to 1982) . This dataset is composed only of men and contains information about the respondent age, marital status, educational achievement (both as type of degree and in terms of year), his current occupation (coded under alternative classifications), working hours, supervisorship role and self-employment condition. Self-reported current earnings and actual family incomes (measured in local currency) are also available, but in some cases they are reported at intervals, thus rendering cross-country comparisons almost impossible. Moreover, the dataset lacks direct information about father incomes. Finally, information on education and occupation of father, mother and spouse are also available. Treiman and Ganzeboom (1990) provide a consistent ordering of occupations for crosscountry comparisons, based on social prestige. Two alternative measures of social prestige are available: the ISEI -international status of employment index (ranging between 0 and 90) and the TREI index (ranging between 0 and 86), originally proposed by Treiman (1977) . Both measures are strongly correlated with respondent age, income and years of education (see Table 2 ). Given the high correlation between the two indices (0.75 over the entire sample), we will report results for the former index only. Table 1 contains information about sample size and averages for education, income and relative rank positions for both respondents and their fathers; the same table also displays Gini indices for each marginal distribution.
There are two variables in this dataset that can be used to analyze intergenerational mobility: (occupational) social prestige and years of education. In Tables 3 and 4 we report the value of the 10 mobility indices considered in this paper both for occupational and educational mobility and also the ranking of the mobility data according to the 10 indices. The last column in both tables gives the overall ranking obtained by averaging the rank under all the indices. Note that there are 31 mobility data for the case of occupational mobility while only 29 for the case of educational mobility, since the data on father's education are missing for Brazil 1973 and Northern Ireland 1968. We notice that U.S., Taiwan and the Netherlands come out consistently as the most mobile societies, both in terms of occupation and education-based mobility. It is rather surprising to find that Germany under different surveys comes out as the least mobile society in terms of educational achievements mobility.
We next compute the correlation matrix of the 10 indices across different surveys. A glance at Table 5 reveals that a very different picture emerges in the two cases of occupation and education-based mobility comparisons. In particular, the correlations between the 10 mobility indices are generally much higher using occupational prestige rather than years of education as variables.
These different positive correlations in the two cases of occupational and educational mobility can be explained by various hypotheses. In general, while occupational mobility tracks changes in the productive structure, such that we record a generalized improvement in the average "quality" of jobs but with possibly a high variance among different groups, educational mobility is enhanced mainly during the process of mass access to education, given that compulsory education forces the young generation to obtain a given amount of schooling. Thus, in general we expect that the difference in inequality between the marginal distributions of x and y is lower for occupation rather than education. This is confirmed by looking again at Table 1 , where we have calculated the Gini coefficient for the marginal distributions in the two cases. We notice that there is a decline in inequality of educational achievement, but not in occupational prestige.
However, the most plausible explanation of the much greater correlation between the various indices when considering occupational rather than 120 DANIELE CHECCHI AND VALENTINO DARDANONI 1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39 educational mobility is entirely due to the different nature of the scale of measurement employed for the two variables. Occupational prestige is typically an ordinal scale, while a ratio scale measures education. Thus, data on occupational prestige are intrinsically less sensitive to the various transformations (shares, ranks, logs, etc.) required to obtain the 10 indices considered. On the other hand, years of educations take intrinsically fewer values than occupational prestige, so that there are many more tied values in the marginal distributions of education rather than occupation. Thus, for example, the ordinal indices M 6 and M 7 which are theoretically almost perfectly correlated in the case of no ties (in which case the indices are actually measuring pure exchange mobility) have greater correlation in the occupation rather than the education example.
Looking at Table 5 , it also emerges that absolute, relative and ordinal mobility indices give quite different views of the degree of mobility present in the different data. For the reasons just explained, we will comment only on the correlation matrix for the education-based calculations, where the effect of the chosen transformations is clearer and more marked. We notice first that the two absolute indices M 1 and M 2 have correlation equal to 0.942. On the other hand, there is much less agreement between the relative indices M 3 , M 4 , M 5 , M 9 and distributions of education of the fathers and the sons (Table 1) , we expect that since M 5 is normalized by the standard deviation it would be less sensitive to changes in marginal distributions, thus behaving closer to ordinal indices rather than absolute ones. This expectation is confirmed by Table 5 , where it emerges that M 4 seems to be positively correlated with the absolute indices and negatively correlated with ordinal ones, while M 5 has the opposite behavior. Regarding ordinal indices, it seems that while the choice of ranks in the presence of ties does make an important difference (M 6 and M 7 have correlation This example shows rather dramatically that the choice of a mobility index has a substantial effect on the results, depending on the data used: when marginal distributions are different, each index gives a different weight to the inequality of the marginal distribution and to the structural and exchange component of overall mobility. 
A SECOND EMPIRICAL APPLICATION
We now move to the analysis of the Italian case. Differently from other countries, Italy does not possess a longitudinal survey that is long enough to provide information on actual incomes of both parents and children. 4 A data set on intergenerational mobility based on occupational status has been built in 1985 by a group of sociologists from different Italian universities.
5 A representative sample of 5016 individuals aged between 18 and 65 was interviewed about their working life and their social attitudes; additional questions were asked about family background. From this file it is possible to extract information concerning the interviewed person referred to 1985 and referring to his/her family when he/she was 14 years old. As a consequence, the generation of sons is observed at the same time, whereas their parents are observed in different years, ranging in principle from 1934 to 1981. 6 This data set has been widely analyzed. 7 International comparison indicates that Italy exhibits a lower degree of intergenerational mobility, both in terms of occupational characteristics (prestige or incomes) and educational achievements.
Another source of information on intergenerational persistence is provided by the Bank of Italy Survey on Household Incomes and Wealth (SHIW), 8 Given the panel component of this survey is rather limited, we have to rely on recall information about the parent status, which is available from the 1993 survey. From sociological literature (and in the absence of direct information about parent incomes) we accept the idea that occupations represent a good indicator of long run status achieved by a person. However, the SHIW data set does not provide a detailed classification of occupation, and therefore we cannot resort to an indicator of prestige, 9 as we have done in the previous application. In addition, we prefer to stick to the economists' viewpoint that incomes are the best summary statistics available on the relative desirability of a social position. However we also know that educational achievement represents a rough measure of the human capital accumulated by an individual. Therefore we have resorted to rank individuals according to their earned income and their educational achievement.
10 This implies that we assume that social ordering is substantially based on spending ability, which in turn derives from earned income and human wealth. In order to eliminate the erratic component based on individual fortunes, we consider the median income associated to any combination of job position and educational achievement, and we rank individuals accordingly.
In the absence of direct information about parent actual incomes, we cannot provide a generation specific ranking and we are forced to use the same ranking for both generations. One could object that each generation should possess its own ranking, which reflect events specific to that age cohort (degree of industrial development, wars, etc.). But data availability prevents this possibility, even if we are aware that part of the observed mobility is actually due to the process of development, the change in the distribution of occupations and the process of mass schooling. Similar methodology has been used by Checchi, Ichino and Rustichini 1999 to obtain measures of occupational status for the Italian case (see also Benabou & Ok, 2001) .
We make use of the SHIW surveys conducted in 1993, 1995 and 1998. 11 It comprises 68.838 individuals, gathered into 23.371 families. Among the individuals, there are 41.753 individuals with a non-null income. Total net income is obtained from dependent labor employment, from self-employment, from pensions or from ownership of capital. Since income from selfemployment activity are plagued by under-reporting, 12 we have revised it upward by 40%, which corresponds to the discrepancy between post-tax income from self-employment and corresponding values based on national accounts (averaged over the period [1980] [1981] [1982] [1983] [1984] [1985] [1986] [1987] [1988] [1989] [1990] [1991] [1992] [1993] . For each member of the family we have information about his/her maximum educational achievement (but not about the educational career -we ignore any attendance without graduation), the current work status and the current or past sector of employment. In 128  DANIELE CHECCHI AND VALENTINO DARDANONI   1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40 addition we have also analogous information about the parents of the household head and his/her spouse. This information is indicatively referred to the same current age of the respondent.
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In order to rank people according to their occupations, in addition to educational attainment we know the work status and the sector of employment of the interviewees. Unfortunately, the disaggregation of work status, sectors and educational achievements for parents is less detailed than the corresponding disaggregation for children. Therefore we have aggregated information about children in order to be comparable with the corresponding aggregation of their parents. By restricting to individuals who are employed and earn a positive income, we obtain 23,700 individuals in the children generation. The percentage distribution of relevant variables in the two generations is reported in Table 6 .
By combining educational credentials (5 items), work status (8 items) and sector of employment (4 items), we get 160 potential combinations of these features, whereas actual combinations associated with non-negative incomes are only 122. For each cell identified by a combination of education/work status/sector we have computed the median and the mean income in the full sample. The orderings of all combinations is reported in Table 7 , where one can notice that ranking according to the mean or to the median are rather similar, since the two measures are highly correlated.
14 In order to define an index of social prestige, in the sequel we make use of the ranking based on median income.
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Once we have introduced a cardinal measure of income that renders comparable two generations, we can analyze intergenerational mobility by calculating the 10 mobility indices above. We start by noticing first that inequality is higher in the parents generations than in the children generation, as grasped by Table 8 : all inequality measures referred to the parent generation dominate the corresponding measures for the children generation. 16 In addition, it is worth emphasizing that an ordinal measure of social position (reported in column 6 of Table 7 and corresponding almost completely to the rank associated with each combination education/work status/sector in an ordering based on median incomes) implies a degree of inequality which is closer to the inequality in actual incomes rather than median occupational incomes. In any case, by recording a lower inequality in social positions across generations we could anticipate that some "equalizer device" has operated along the century. Industrial development, implying significant reallocation of jobs among sectors and the emergence of new occupations and/or educational push are the best candidates to this explanation. 9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40 We now move to the proper analysis of intergenerational mobility. Following a consolidated procedure, we consider the couple father-son, to avoid distortion due to differences in participation rates across generations and/or regions. 17 We make use of ten previously introduced indices, using either a territorial disaggregation or a birth cohort disaggregation. 18 We start by considering mobility comparisons in different Italian regions. It is well known that Italy is characterized by a rather unequal distribution of Legend: 1 = whole sample of employed in the generation of children 2 = household head sample of employed in the generation of children 3 = (employed) father of (employed) household head 4 = (employed) mother of (employed) Note: "median income" corresponds to the median occupational income, reported in Table 7 , Column 2; "social position" corresponds to the occupation ranking proposed in Table 7 , Column 6.
resources between its macro regions, with the southern regions having in general a lower level of socio-economic development. We consider then 5 main macro regions, the Northeast, Northwest, Center, Southeast and Southwest with the islands (Sicily and Sardinia). In general, being the Northern regions far richer than the Southern ones, and having generally experienced even higher levels of economic growth in the post-war years, we expect that most socioeconomic indices of mobility will show a much greater level of structural mobility in the North rather than in the South. If it is also true that northern regions are more open to class exchanges than southern ones, then we expect than most mobility indices will display greater values for the Northern regions as compared to the Southern ones. However, given the generalized and nationwide post-war process of mass scholarization, we expect also that using education as status variable may give a different picture: this is so because mass scholarization implies a greater distance between fathers' and sons' marginal distributions in the South rather than the North (since sons in the South have comparable levels of educations than in the North even in the presence of an educational gap between northern and southern fathers). Thus, we expect that the different sensitivity of the various indices to differing marginal distribution will show up more when looking at educational rather than occupational mobility. Table 9 reports both the value and the relative ordering of the 10 indices for the five macro regions. The upper part of the table uses fathers and sons median occupational income while the bottom part uses fathers and sons years of education as status variables. A glance at the table shows that the table confirms our expectations on regional mobility patterns: when occupational income is used as status variable, the northern regions seem to display unambiguously more mobility than the southern ones, while using education there seems to be an opposite pattern, but with less agreement between the indices, with the absolute indices giving a picture which is more similar to the picture emerging when using occupational income as status indicator than the picture emerging from ordinal indices.
We now move to our last analysis, that is, the study of the temporal evolution of occupational and educational mobility in Italy. To get an appreciation of what has happened to intergenerational mobility in Italy over time, we have divided the families into groups according to sons' birth five-year cohort. Figure 1 shows the evolution of occupational income and educational mobility for the ten indices for the eight age cohorts of the sons. A glance at Figure 1 gives a quite striking picture: while mobility seems to be decreasing over time when using the first four indices, exactly the opposite view emerges using the last six indices. This impression is confirmed by looking at the correlation 1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40 matrix between the indices in the upper part of Table 10 , with the first four indices being all negatively correlated with the last six, and with high positive correlations within the two groups.
This strikingly different behavior of the various classes of mobility indices has again an explanation in the different weight given to the structural and exchange component of mobility by the different indices. In fact, given the decline of the rather fast industrialization process in Italy and the inverted Ushaped rate of growth of most post-war economic indicators (with exceptional growth rates until the mid 1970s and stagnation during the 1980s), structural mobility has been declining in the period of analysis, while changes in the openness of the society have caused an increase in exchange mobility.
Thus, we have two conflicting forces at work: fathers and sons marginal distributions have become "closer" over time (structural mobility has declined) while becoming also less positively associated (exchange mobility has increased). The net effect depends on the chosen class of indices. Looking at the temporal evolution of educational mobility gives a similar but less clear-cut picture, due to the different time it has required to close the educational gap between fathers and sons. It is worth noticing that both groups of indicators point to an increase of mobility for the generation born during the 1950s. This is probably entirely attributable to the massive educational reform introduced in 1960, which extended compulsory education from five to eight years and unified the lower secondary school. This educational push was at the same time an increase in absolute mobility (for educational reform was legally enforced, thanks to the construction of several new schools) and in relative mobility, because it allowed sons from lower family backgrounds to gain access to secondary education (poorer children were originally de facto discouraged by the existence of professional schools driving children from peasant families directly to work after five years of primary school).
CONCLUSIONS
Mobility data contain information of a very different nature: marginal distributions contain static information on the location and dispersion of status both in the fathers and sons generations; the distance between the fathers and sons marginal distributions gives information on the extent of structural mobility in the data; and the positive association between the two marginal distributions gives information on the openness of the society and the extent of its exchange mobility. Thus, comparing mobility data by a single summary 142 DANIELE CHECCHI AND VALENTINO DARDANONI   1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40 mobility index is bound to give results that are very dependent on the characteristics of the chosen index. This prediction is confirmed by our results. Indices that give relatively more weight to the structural component of mobility, may give a substantially different view than indices that give greater weight to the exchange component. For example, use of the first types of indices (absolute indices like M 1 or M 2 ) will result in arguing that intergenerational "mobility" is declining over time in post-war Italy while using ordinal indices (like M 5 or M 6 ) will give exactly the opposite impression.
A general teaching of this exercise is that intergenerational mobility is historically determined by the stage of development reached by a country. But this consideration suggests that cross-country comparisons in terms of intergenerational mobility (as we have done in our first exercise) have to be taken with caution, unless one can be sure that the countries considered have experienced similar patterns of socioeconomic growth. Being unable to control for the amount of structural mobility and using a single summary mobility index may render the conclusion reached tentative and very dependent on the chosen index.
It seems clear from our study that there is much scope for a clear formal definition of structural and exchange mobility and hence a decomposition of mobility indices into the separate contributions of the exchange and structural parts to overall mobility.
NOTES
1. See Fields 2001, Chapter 6 for an excellent discussion of various axioms that can be imposed on mobility indices.
2. With no ties, the difference lies in the fact that while M 6 divides the sum of the family difference in absolute ranks by n 3 , M 7 divides by n 2 (n Ϫ 1). Thus, in most cases the difference between the two indices is entirely due to the different treatment of tied ranks.
3. The countries are (in brackets the number of surveys): Australia (1), Brazil (2), Finland (1), Germany (8), Hungary (1), Indonesia (1), Ireland (1), Italy (1), Japan (1), Netherlands (4), Northern Ireland (2), Philippines (2), Switzerland (1), Taiwan (1), United Kingdom (2) and United States (2).
4. The panel component of the Bank of Italy survey of household wealth and income introduced was initially introduced in 1989 and subsequently expanded to one third of the sample in the following waves (1991, 1993, 1995, 1998) .
5. See Barbagli et al. 1986. 6 . A 65-year-old interviewee was 14 in 1934, while an 18-year-old interviewee was 14 in 1981. 1  2  3  4  5  6  7  8  9  10  11  12  13  14  15  16  17  18  19  20  21  22  23  24  25  26  27  28  29  30  31  32  33  34  35  36  37  38  39  40 
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